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„Strategies for Analyzing Highdimensional Data“

Data  with a large number of variables (p) and a relatively small number of samples (n)
abound in many of today's large-scale modeling problems. This requires one to reconsider
standard strategies in order to develop new and more appropriate tools. 

Many of the methods discussed here were developed in application to high-throughput
technologies in genomics and medicine(e.g. microarray, spectroscopy, proteomics, flow
cytometry, functional magnetic resoncance imaging etc.). However,  similar problems also
arise, e.g. in the analysis of massive econometric or social science data.

Out focus here lies on methods that are connected with the  „empirical Bayes“ framework and
with „shrinkage“- these are promising because they are not only capable to deal with the
„small n, large p“ problem but also are computationally very efficient.
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G: Classification, dimension   reduction etc:  

There are many recent papers about „small n, large p“ classification and dimension reduction,
but we ignore them in our seminar on purpose -  this is dealt with in the seminar by Gerhard
Tutz and Florian Leitensdorfer.

F: Time series analysis  :  

This is quite interesting for „small n, large p“ , but there aren't too many papers yet!


